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A Fast Algorithm for Cylindrical Panoramic Image Based on
Feature Points Matching

ZHANG Yuan,GAO Guan-dong,JIA Ke-bin

( College of Electronic Information and Conirol Engineering ,Beijing University of Technology , Beijing 100022)

Abstract A fast image mosaic algorithm based on feature points matching with excellent results is presented in this paper
and two outstanding methods in this algorithm are proposed. The first one is importing a new filtering method for matching
points by choosing pairs of correlation feature points with clustering algorithm aiming at the disadvantage of RANSAC
algorithm. The efficiency of the algorithm is enhanced by doing this. The other one is raising another new method of
blending images by using optimum path best- matched-line combined with pixel brightness weighting function in HSI color
space. As a result,the gusting phenomenon is removed and a brightness blending image is achieved. Several results show
that this is a highly- matched robust image mosaic algorithm. After choosing data with clustering algorithm beforehand, the

efficiency is greatly enhanced. And this algorithm also has prevented ghosting phenomenon and can make images blending

naturally at stitching areas.
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Fig. 1  The flow chart of algorithm system
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Tab.2 Compare data after using pre-filter
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Fig. 8 Panorama result stitching images
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